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* Predicting CIFAR-10 test accuracy of diverse
input image classifiers (CNNs, 1D CNNs,
ResNets, ViTs, and DeepSets):

Example Graph Constructions

One node per neuron / channel
One edge per parameter

2D Convolution Layer

Equivariance to Parameter Symmetries

We prove: any graph automorphism of the computation
graph of an NN is a permutation parameter symmetry.

Diverse Architectures
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